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Abstract As one of the main methods in the field of information extraction, the method based on regular expression
has been widely used for many years. However, the construction of regular expressions is with high quality and high
complexity, it is usually required to spend a lot of manual efforts. Therefore, a method based on regular expression state
transition is proposed to learn the construction of complex regular expressions. The method takes in a given initial input
RegEx and both positive and negative labeled samples, a collection of candidate RegEx is got after applying two main
kind of regular expressions transformation on the input Regkx, based on F value assessment of the candidate Regkx on
the information extraction task, the algorithm selects an optimal regular expressions as output by greedy heuristic
strategy. The performance of this algorithm is evaluated on multiple datasets. Experiments show that the performance and
accuracy of the proposed method outperforms those of the standard machine learning methods. And it still has a good

effect on condition of small scale training set and cross domain data set.
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