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Abstract As an emerging intravascular plaque diagnostic technique, OCT medical image is rapidly growing in recent
years. In order to carry out effective OCT intravascular plaque assisted semantic segmentation, we proposed a
segmentation learning model based on AdaBoost-SVM. The genetic algorithm( GA) was used to optimize the selection of
the combined parameters of the SVM model to improve its classification performance. By establishing an AdaBoost-SVM
integrated segmentation model with multiple base classifiers, OCT blood images were segmented accurately on the basis

of pixel column prediction. The experimental results show that the Adaboost-SVM has better segmentation accuracy in

pixel segmentation-based image segmentation process compared with BP neural network and standard SVM method.
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