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Abstract Aiming at the time bottleneck of measurement matrix generation in single photon imaging experiments

under high resolution conditions, we proposed a method of generating and evaluating measurement matrix based on Spark
platform. In this paper, the experiment of measuring matrix generation and evaluation was carried out under three high
resolution conditions. Experiments show that using Spark platform to generate measurement matrix greatly shortens the

generation time. The quality of measurement matrix generation is similar to that of single-machine version, and has good

extensibility, which greatly reduces the time cost of single-photon imaging experiment.
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1. val sc = new SparkContext( )

2. val config = sc. getConf. get( )
3. val partitionNum = sc. getConf. get( )
4. val matrixNumPerPartition = matrixNum / partitionNum
5. val matrix = sc. parallelize (0 until
partition , partition ) . mapPartitions { part = >
for(0 to matrixNumPerPartition) {
generate matrixes
if (evaluate matrixes is qualified)
save
qualified matrix count ++
else
regenerate
unqualified matrix count ++
%
Calculate matrix save rate
}
6. val result = matrix. collect( )
7. val resultFile = new FileOutputStream( )

8. resultFile. write( result)
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