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ONLINE CLASSIFICATION ALGORITHM FOR HIGH DIMENSIONAL DATA STREAM
BASED ON HYPERNETWORKS AND PROJECTION DIMENSION REDUCTION

Ru Bei
(School of Computer and Information Engineering, Xinxiang University, Xinxiang 453003, Henan, China)

Abstract To improve the classification accuracy of online classification of high dimensional data streams, this paper
designs an online classification algorithm for high dimensional data stream based on hypernetworks and projection
dimension reduction. It modeled the feature subsets of high dimensional data streams as hypernetworks, the learning
objective is to search the optimal hyperedges sets and select the feature subsets with strong discriminant abilities.
Gaussian kernel was used to project data points from high dimensional space to low-dimensional space, and gradient
descent method was adopted to compute the similarity matrix of data points. Based on the model updating mechanism of
Bayes classifier, the arrived data stream was learned dynamically. The hyperedges of hypernetworks was updated based
on the learning results, and then the hypernetworks were used to guide the classifier for classification. The simulation

experimental results show that this algorithm achieves high classification accuracy and has good robustness to noise.
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