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Abstract

seizures on EEG signals, this paper proposes deep ensemble networks to capture multi-dimensional features from EEG

Aiming at the problem that traditional methods cannot effectively utilize all the information when capturing

signals, so as to effectively detect seizures. After the translation invariance and computational efficiency of convolution
network were repaired and improved, the cyclic neural network was vertically integrated to capture the information in
frequency domain, spatial domain and time domain at the same time. The patient-specific and cross-patient model was
trained based on deep integration network. The two models achieve an average sensitivity of 98.22% and 95.65% , and
a misdiagnosis rate of 0. 09/h and 0. 3/h, which perform better than the benchmark model. It demonstrates that deep

ensemble network has the ability to learn the general invariant representation of seizures.
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