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Abstract Aiming at the problem of different performance evaluation and comparison of general word vector model in
text multi-objective classification, we design four neural network models with multi-objective classification based on
Weibo disaster data set. Through experiments, we compared and analyzed the performance differences of the same word
vector model in different classification models. We analyzed the performance characteristics of different word vector
models in classification models. And then the training time and testing accuracy of the model were analyzed. The

experimental results show that Word2vec model has the highest accuracy for microblog disaster data in CNN and LSTM

network models.
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