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Abstract In order to improve the accuracy and efficiency of the identification of genuine and fake cigarette label
paper, and reduce the experience requirements and subjectivity of identification, this paper proposes a method for
identifying cigarette label paper based on feature point registration. Sample images were acquired based on a unified
image acquisition standard, and discriminant predictors were acquired through feature point extraction and description
based on SIFT algorithm, feature matching and image registration based on homograph transformation. Logistic regression
algorithm and gradient boosting classification decision tree algorithm were selected to construct a binary classification
model for training and evaluation. We performed experimental evaluation on 64 cigarette specifications and 2918 sample
data sets. The results show that the accuracy of the proposed identification method is higher than 95% . The stability and

effectiveness of the proposed identification method are verified through a comparative experiment.
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K3 REEBRER
x1 WNEHERG

A% E & mnum i eSSl
6901028046886 42 957 2 705 1922 1
6901028046886 73 985 2 038 1025 1
6901028046886
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6901028120692
6901028120692 21 507 919 505 0
6901028120692 15 857 853 454 0

4.2 ZEOFRE
AR AR SRR BN 2 PR .
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B i ik
response_column 25 M [ A5 e 57)
family binomial bk A Cl) = I v
solver IRLSM BE R R4
alpha 0.5 L, L, &5 (8]
I AE R o3 A
lambda 0.000 844 J5 R I 1h 58 5
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FE 64 AR 119 S50 B0H - 43 0l 30 A7 0 X R
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F1R XL S B ) )11 22 i [ DA TR 5 1) 14
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(1) 49 MREAREE A 2 FEAR R A TR A, B AU
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SebrfE/BE | 0 1| RBR | RHER | AR
0 49 0 0 0/49 1
1 1 54 10.018 | 1/55 | 0.98
Total 50 | 54 |0.010 | 1/104
Recall 0.98 1
(a) KUK A B[RRI
SR/ B |0 U R | BRI | HERR R
0 26 1 ]0.037 | 1/27 | 0.96

1 1 21
Total 27 22
Recall 0.96 | 0.95

(b) #A& B B R MIHEIR
B4 I ZRiB 5 [ AR AR 30 i G TR A R R
4.3 HBERARKMER
FREER R R R SR B AN 3% 3 R, 8
50 Ao EERE, W e KB R EE R 5. % ZJ050
), e £ A0 85 A (bernoulli ) 43 A7 bR ER AT hy e 1 A2
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0.041 | 2749
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SePR{E/WE | 0 1| R | BRAPR | R
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